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With the widespread use of the internet, information regarding medical facilities 

and practices has never been easier to obtain. This convenience may often prove 

beneficial, but using the internet to research topics regarding one's own health creates a 

potential for risks. This research addresses these concerns by studying the annual Honor 

Roll list of hospitals, a listing published each year by the U.S. News and World Report 

that ranks the best medical facilities in the country. To accomplish this, we aimed to 

analyze the relationship between the hospitals listed on the Honor Roll and the mortality 

rates of the counties in which each hospital is located. Upon completion of this research,  

we were unable to find a significant difference between mortality rates of counties with 

Honor Roll hospitals and those without.
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Introduction

With the creation and widespread use of the internet and the modern search 

engine, information has never been easier to obtain. What is equally fascinating is the 

breadth of different types of search queries, with pertinent subject matters such as finance

and romance being commonly incorporated in search requests and results. In addition to 

these fields, issues regarding personal health and medicine are frequently investigated 

using the internet. Websites such as WebMD (www.webmd.com) and Mayo Clinic 

(www.mayoclinic.org) provide easily accessible information on diseases, common 

symptoms, and even possible treatments, while hospitals and private practices often host 

their own websites; such sites may be found through a quick search query. This 

convenience may often prove beneficial, but there are several risks that arise when using 

the internet to research topics that are as sensitive as one's own health. The information 

on a particular site may not be correct or not come from a reputable source, or the 

information on a website may cause an individual to make a less than optimal choice 

regarding their health, such as not visiting a physician when their symptoms would 

normally call for it.

One web page of interest is the U.S. News and World Report, a predominantly 

online American media site that publishes rankings in a myriad of different subjects, 

including Best Hotels, Best Law Firms, Best Cars, and Best Jobs. Among these listings is 

an annual ranked list of what the U.S. News and World Report considers to be the best 

hospitals in the country; they term this the Honor Roll list of hospitals. 

It would be grossly incorrect to claim that the Honor Roll list is created without 
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basis; however, it is vital to be skeptical of such a list, especially since its rankings have 

contradicted with other listings, such as the Centers for Medicare and Medicaid Services’ 

(CMS’s) Hospital Compare (Halasyamani & Davis, 2007). The Leapfrog Group and 

Healthgrades have also published annual hospital rankings that have conflicted with those

of the U.S. News and World Report (Austin et al., 2015). With a list such as the Honor 

Roll that 1) provides information regarding the delicate subjects of personal health and 

healthcare and 2) is used by millions of people, there are risks and concerns present that 

are certainly not unfounded. 

One such cause for concern is the minimal amount of physician influence in the 

creation of the Honor Roll list. Although the U.S. News and World Report cites the use of

“surveys of more than 140,000 physicians” (“Best Hospitals,” 2016) in the construction 

of their rankings, the survey utilized fails to objectively evaluate the merits of a hospital 

aside from its reputation. The survey, which is presented in Figure 1 (Olmsted et al., 

2014), simply asks the respondent to list what he or she believes are the five best 

hospitals in the country for a particular specialty. This is in lieu of a more exhaustive 

survey that could provide a physician's perspective of the factors that cause one hospital 

to perform better than another. Aside from the brief surveys, it is apparent that the 

physicians that are contacted do not seem to have much else of an impact on the listing, 

as the quantitative analyses are not performed by the physician survey pool.

A second cause for unease is that people who refer to the Honor Roll list of 

hospitals may do so for several reasons, such as to investigate which hospitals would be 

the best to consult for a particularly difficult procedure or for the treatment of an 
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uncommon disease. Potential patients may also gravitate towards visiting a ranked 

hospital in case of an emergency. In light of this, it is vital to periodically evaluate the 

Honor Roll list to fully understand the implications of living near or seeking treatment at 

a hospital holding a position on this list. Thus, the goal of this thesis is to examine the 

effects Honor Roll versus non-Honor Roll hospitals have on their respective 

communities. 

For our research, we examined a baseline variable to gauge how particular 

counties are affected by the presence of an Honor Roll hospital. After much deliberation, 

the baseline variable that was used for this analysis is 2010's mortality rate per 100,000 

people of the county in question. We selected annual county mortality rate as the variable 

of examination as it would be reasonable to assume that a particularly excellent hospital 

would reduce the amount of deaths in the surrounding communities, either through 

preventative care or stellar treatment options. 

For each hospital on the Honor Roll list, the mortality rate of the county in which 

it resides (referred to herein as an Honor Roll county) was compared with the mortality 

rate of a different county, one without such a hospital. While selecting the counties that 

would serve as the controls (referred to herein as a control county), precautions were 

taken to mitigate any mortality rate differences caused by extraneous variables not being 

considered in this analysis. Specifically, the control and Honor Roll counties were 

controlled for population and household median income. A more detailed description of 

the process is outlined in the Materials and Methods section of this thesis.

A common concern that we are often presented with is that comparing mortality 
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rates may not be enough to validate or invalidate the U.S. News and World Report's 

Honor Roll list of hospitals. Although using county mortality rates alone is not sufficient 

to completely examine the effects of Honor Roll hospitals on their respective 

communities and counties, it is reasonable to expect that a highly esteemed hospital 

would lower mortality rates of the surrounding area. If time was not a constraint, 

however, we would have repeated this analysis with a multitude of baseline variables to 

augment our findings.

Throughout this thesis, we describe the measures taken to adequately compare the

mortality rates of Honor Roll and control counties. More specifically, we outline how we 

collected data, determined which variables to use to search for control counties, and 

created composite counties from counties similar to that of the corresponding Honor Roll 

hospital. Later, we compared the mortality rates between Honor Roll and composite 

counties and used a matched pairs t-test to analyze the data for significant differences 

between each pair of mortality rates. Finally, implications and opportunities for future 

research are discussed in light of the results. 
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Physician Influence in the Creation of the News and World Report's Honor Roll List

According to U.S. News and World Report's 2014-2015 methodology, a mixture 

of healthcare practitioner surveys (A sample of which is presented in Figure 1) and 

analyses of quantitative data, such as patient outcomes and hospital inventory, is utilized 

in the creation of the specialty and Honor Roll hospital rankings (Olmsted et al., 2014). 

The 2014-2015 methodology has not undergone any major alterations since 2009-2010, 

although one change worthy of mention is the reduction in the weight of the physician 

survey in the calculations of the rankings. The weight of physician surveys for 2014-2015

in the final score of 12 of the 16 major specialties has been reduced from 16.25% of the 

final score in previous years to 13.75% for 2014-2015 (2014). The weight of the 

physician surveys for the remaining four specialties, which are Ophthalmology, 

Psychiatry, Rehabilitation, and Rheumatology, are 50%, a value which has remained 

constant since 2009 (2014). According to the U.S. News and World Report's official site, 

hospitals that excel in at least six of its sixteen medical specialty lists are compiled into 

the Honor Roll and proceed to be numerically ranked based on how many top-tier 

specialty departments these hospitals operate (“Best Hospitals,” 2016). 
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Figure 1 – Physician Survey for the U.S. News and World Report, 2014 – 2015
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Materials and Methods

The first step in conducting this research was deciding on which U.S. News and 

World Report Honor Roll list to utilize for the analysis. Due to the availability of U.S. 

Census data for 2010, the 2009-2010 Honor Roll list was used for the analysis, and is 

displayed in Table 1. The corresponding Honor Roll counties are also located in Table 1. 

As previously mentioned, the U.S. News and World Report's most recently released 

methodology does not indicate any dramatic shift of evaluation procedure from the 2009-

2010 listing that would render the results of this analysis invalid (Olmsted et al., 2014). 

Each Honor Roll hospital's county of origin was researched and noted in the table.

We then introduced our baseline variable to the study: annual county mortality 

rates per 100,000 people for the year 2010 (referred herein as mortality rate). Using the 

CDC WONDER, an extensive online database hosted by the Centers for Disease Control 

and Protection, we were able to obtain mortality rates for each of the counties in question.

These rates, amongst several other variables, are viewable in Tables 2a and 2b. Each 

additional variable was tested for correlation with mortality rate in order to determine 

which of these variables should be used to control each pair of counties for analysis. 

Specifically, we wanted to examine if factors such as education level (operationalized as 

percentage of adults with high school diploma or greater), socioeconomic status 

(operationalized as violent crime rate per 100,000, median household income, and 

percentage of adults below the poverty line) and demographics (operationalized as 

population and age) had the potential to significantly skew mortality rate data if not 

controlled for appropriately. As evident in Tables 2a and 2b, most of these variables 
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demonstrated weak r-values of correlation. However, median household income 

displayed a moderate inverse correlation of r = -.6266, making it by far the most 

explanatory variable on the list. Additionally, income has been correlated with longevity, 

as demonstrated in case studies comparing counties that are in close geographical 

proximity, but are significantly different in life expectancy and income (Lowrey 2014). 

Lastly, it is reasonable to assume that median income may affect other variables that 

contribute to mortality rate but can not easily be quantified, such as nutrition, personal 

decisions regarding one's health, and ability to exercise. As a result, we decided to use 

median household income as the primary controlling variable for comparison between 

counties. The two demographic variables of age and population showed positive 

correlations of r = .3046 and r = .2919 respectively, making these two variables the 

second and third most influential factors affecting mortality rate. Although age displayed 

a slightly higher correlation than population, we decided to use population as the 

secondary controlling variable as it is likely that it has many implications for other, more 

complex variables, such as level of urbanization. Counties were, however, monitored for 

major disparities in age that could create significant changes in mortality rate data.
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Table 1 – U.S. News and World Report's Honor Roll List of Hospitals
(“America's Best Hospitals: the 2009–10 Honor Roll,” 2010)

# Honor Roll Hospital (2009-2010 List) County State
1 Johns Hopkins Hospital Baltimore* Maryland
2 Mayo Clinic Olmsted Minnesota
3 University of California at LA, Ronald Reagan Medical 

Center Los Angeles California
4 Cleveland Clinic Cuyahoga Ohio
5 Massachusetts General Hospital Suffolk Massachusetts
6 New York-Presbyterian University Hospital of Columbia

and Cornell Westchester New York
7 University of California, San Francisco Medical Center San Francisco* California
8 Hospitals of the University of Pennsylvania-Penn 

Presbyterian Philadelphia* Pennsylvania
9 Barnes-Jewish Hospital – Washington University St. Louis* Missouri

10 (tie) Brigham and Women's Hospital Suffolk Massachusetts

10 (tie) Duke University Hospital Durham
North 
Carolina

12 University of Washington Medical Center King Washington
13 University of Pittsburgh Medical Center Allegheny Pennsylvania
14 University of Michigan Hospitals and Health Centers Washtenaw Michigan
15 Stanford Health Care – Stanford Hospital Santa Clara California
16 Vanderbilt University Medical Center Davidson Tennessee

17 (tie) New York University Medical Center New York New York
17 (tie) Yale – New Haven Hospital New Haven Connecticut

19 Mount Sinai Medical Center New York New York
20 Methodist Hospital of Houston Harris Texas
21 Ohio State University Hospital Franklin Ohio

Counties marked with a * indicate a consolidated city-county.
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Table 2a – Correlations between Mortality Rate and Other Variables

(“American FactFinder,” 2015)

(“Compressed Mortality File 1999-2014 Series 20,” 2015)

County State Mortality Rate Population Age
Baltimore* Maryland 1027.6 620,961 34.5
Olmsted Minnesota 627.0 144,248 36.0
Los Angeles California 626.7 9,818,605 34.3
Cuyahoga Ohio 1046.0 1,280,122 39.7
Suffolk Massachusetts 632.9 722,023 31.6
Westchester New York 715.9 949,113 39.7
San Francisco* California 685.0 805,235 38.3
Philadelphia* Pennsylvania 920.6 1,526,006 33.7
St. Louis* Missouri 960.6 319,294 34.0
Durham North Carolina 671.2 267,587 33.2
King Washington 608.8 1,931,249 36.9
Allegheny Pennsylvania 1101.8 1,223,348 41.1
Washtenaw Michigan 580.6 344,791 38.2
Santa Clara California 505.2 1,781,642 35.8
Davidson Tennessee 794.2 626,681 34.0
New York New York 622.2 1,585,873 36.3
New Haven Connecticut 865.8 862,477 38.7
Harris Texas 536.8 4,092,459 32.0
Franklin Ohio 733.0 1,163,414 33.4

Correlation with Mortality Rate (R- Value) r = .2919 r = .3046
Coefficient of Determination (r2) r2 = .0852 R2 = .0928

Counties marked with a * indicate a consolidated city-county.
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Table 2b – Correlations between Mortality Rate and Other Variables, continued

(“American FactFinder,” 2015)

(“Compressed Mortality File 1999-2014 Series 20,” 2015)

County State Mortality Rate

Percentage of
Individuals
with High

School Diploma
or Greater

Median
Income

% Below
Poverty Line

Baltimore* Maryland 1027.6 77.4% $39388 21.3%
Olmsted Minnesota 627.0 94.3% $64090 8.4%
Los Angeles California 626.7 75.9% $55476 15.7%
Cuyahoga Ohio 1046.0 86.4% $43603 16.4%
Suffolk Massachusetts 632.9 83.1% $50597 20.6%
Westchester New York 715.9 87.4% $79619 8.2%
San Francisco* California 685.0 85.7% $71304 11.9%
Philadelphia* Pennsylvania 920.6 79.4% $36251 20%
St. Louis* Missouri 960.6 80.6% $33652 21.4%
Durham North Carolina 671.2 86.3% $49894 10.8%
King Washington 608.8 91.9% $68065 10.2%
Allegheny Pennsylvania 1101.8 91.6% $47961 12.3%
Washtenaw Michigan 580.6 93.6% $59065 13.7%
Santa Clara California 505.2 86.3% $86580 8.9%
Davidson Tennessee 794.2 85.1% $45688 17.3%
New York New York 622.2 84.6% $64971 17.7%
New Haven Connecticut 865.8 87.7% $61114 10.9%
Harris Texas 536.8 77.6% $51444 16.8%
Franklin Ohio 733.0 88.9% $49087 17.0%

Correlation with Mortality Rate (R- Value) r = .0728 r = -.6266 r = .2806
Coefficient of Determination (r2) r2 = .0053 r2 = .3926 r2 = .0787

Counties marked with a * indicate a consolidated city-county.
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Before any comparison of mortality rates between counties could begin, there 

needed to be in place a mechanism that would limit the effects of any confounding 

variables. Originally, we planned to compare each Honor Roll county to one that is 

similar. However, this process was later changed so that a composite of similar counties 

could have their averaged mortality rate compared to the Honor Roll county's mortality 

rate. This approach is beneficial because the additional amount of samples would yield 

more accurate results, as the effects of any confounding variables that have not been 

accounted for are greatly mitigated.

Before creating this composite, however, my thesis advisor and I chose to 

consider the size of the county in relation to the placement of the hospital. Skewing of 

data could occur if a county is too large for one hospital or hospital system to 

immediately influence mortality rates. Individuals in the same county as an Honor Roll 

hospital, but over approximately thirty miles away, for example, may not be willing to 

drive the extra distance to attend a top level hospital, creating entire sections of larger 

counties that have people not affected by the hospital's influence. Therefore, we took the 

distances between each Honor Roll hospital and the county border farthest from the 

hospital. These values are displayed in Table 3. As is apparent from Table 3, five 

hospitals are not in close enough proximity to the farthest county border, which is 

arbitrarily defined as being over 30 miles from the county border in question. 

Consequently, we omitted these five hospitals from further calculations and analysis to 

prevent the skewing of data.

For the remaining hospitals, we created composite counties comprising of several 
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similar control counties with operationally defined similarities. For each Honor Roll 

county for which a composite mortality rate was to be generated, we obtained a list of all 

of the counties in the United States that 1) have total populations within ±20% of the 

Honor Roll county's total population, and 2) have median household incomes within y% 

of that of the Honor Roll county, where y is either 5, 10, or 20, depending on how many 

counties of similar median household income were available. For each county, we opted 

for the lowest value of y; however, if a particular y did not yield a sufficient amount of 

counties to yield a reliable composite, its value was increased. For example, Durham 

County has been assigned a y value of 5 due to a relative abundance of counties with 

similar median incomes and populations. On the other hand, Cuyahoga County, OH has 

been assigned a y value of 20 as there were significantly fewer counties that were similar.

Once all of the constituent counties that met the aforementioned criteria were found, their

annual mortality rates were averaged into a composite mortality rate. A simplified table 

containing values of y and composite mortality rates for each viable Honor Roll county is

displayed in Table 4. The constituent counties used for each composite, along with their 

median household income, population, and mortality rate, are located in Appendix A.
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Table 3 – Honor Roll Hospitals and Their Distances from the 

Farthest County Border

(Google Earth, Version 7.1.5.1557; Google Inc., 2015)

Honor Roll Hospital (2009-2010 List)
Distance from Farthest

County Border (mi)
Johns Hopkins Hospital 8.07 
Mayo Clinic 23.19
University of California at LA, Ronald Reagan Medical Center 65.64
Cleveland Clinic 14.14
Massachusetts General Hospital 9.52
New York-Presbyterian University Hospital of Columbia and Cornell 24.83
University of California, San Francisco Medical Center 5.78
Hospitals of the University of Pennsylvania-Penn Presbyterian 15.81
Barnes-Jewish Hospital – Washington University 7.23
Brigham and Women's Hospital 6.98
Duke University Hospital 18.09
University of Washington Medical Center 56.7
University of Pittsburgh Medical Center 20.18
University of Michigan Hospitals and Health Centers 44.22
Stanford Health Care – Stanford Hospital 60.39
Vanderbilt University Medical Center 18.77
New York University Medical Center 9.58
Yale – New Haven Hospital 26.96
Mount Sinai Medical Center 9.07
Methodist Hospital of Houston 47.24
Ohio State University Hospital 16.32
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Table 4 – Mortality Rates of Honor Roll Counties and Their Composite Counties

Honor Roll
County y-value

Honor Roll County
Mortality Rate

Composite
Mortality Rate

Baltimore* 10 1028 988
Olmsted 5 627 680
Cuyahoga 20 1046 699
Suffolk 10 633 741
Westchester 10 716 680
San Francisco* 10 685 623
Philadelphia* 20 921 816
St. Louis* 10 961 674
Durham 5 671 763
Allegheny 20 1102 737
Davidson 5 581 851
New York 20 622 655
New Haven 10 866 710
Franklin 20 733 746

Counties marked with a * indicate a consolidated city-county.
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Results and Discussion 

The calculated mortality rate for each composite county was graphed alongside 

the mortality rate of the respective Honor Roll county. The visuals for this comparison are

displayed in Figures 2a and 2b. Figure 2a portrays the mortality rates in a traditional bar 

graph, the x-axis of which measuring the mortality rate of each Honor Roll and 

composite county. Figure 2b presents the same data in the form of a stacked percentage 

bar graph, with the x-axis corresponding to the percentage of Honor Roll county 

mortality rates relative to those of each relative composite county. Figure 2b more 

effectively demonstrates the answer to the question this thesis aims to investigate: how 

does the Honor Roll status of a hospital affect the mortality rate of the county in which it 

resides? It should be noted that for both graphs, the Honor Roll ranks on the x-axis that 

do not have any data shown represent hospitals that are too distant from the farthest 

county border to create reasonable conjectures of causation for any changes in mortality 

rate.

The data from Figures 2a and 2b indicate that the Honor Roll status of a hospital 

does not significantly reduce mortality rates in the surrounding county. Out of the 

fourteen Honor Roll counties whose mortality rates were compared with those of their 

composite counties, only six demonstrated any decrease of mortality rate compared to 

their composites. In addition, the decreases in mortality rates are matched by increases in 

the mortality rates for the remaining eight Honor Roll counties. Based on these 

observations, it is reasonable to infer that the changes in mortality rate between Honor 

Roll counties and their composite counties are due to random variations by chance. We 
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verified this observed outcome using a matched pairs t-test that was performed using the 

obtained data (N=14). The test yielded a p-value of approximately 0.2274, indicating the 

lack of a significant difference between the mortality rates of Honor Roll counties and 

those of their respective composites. A table displaying the differences between Honor 

Roll and composite county mortality rates was used to calculate the standard deviation 

for this t-test, and is displayed in Table 5.
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Figure 2a – County Mortality Rate vs Honor Roll Rank

Bar Graph

*Note that entries 5 and 10 are duplicate entries, as are 17 and 19, because Suffolk and 

New York counties appear in the Honor Roll list twice each. 

*The Honor Roll Counties occupying ranks 10 and 11 on the graph have been ranked 

identically on the 2009-2010 Honor Roll List, as have been 17, 18.
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 Figure 2b – Percentage of Honor Roll County Mortality Rate Relative to

that of Composite vs Honor Roll Rank – Stacked Percentage Bar Graph

* Note that entries 5 and 10 are duplicate entries, as are 17 and 19, because Suffolk and 

New York counties appear on the Honor Roll list twice each. 

*The Honor Roll Counties occupying ranks 10 and 11 on the graph have been ranked 

identically on the 2009-2010 Honor Roll List, as have been 17, 18.
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 Table 5 – Differences between Honor Roll and Composite County Mortality Rates 

Honor Roll
County

Honor Roll
County Mortality

Rate (h)

Composite
County Mortality

Rate (c)
Difference
(h – c) 

Baltimore* 1028 988 -40
Olmsted 627 680 53
Cuyahoga 1046 699 347
Suffolk 633 741 -109
Westchester 716 680 36
San Francisco* 685 623 62
Philadelphia* 921 816 105
St. Louis* 961 674 287
Durham 671 763 -92
Allegheny 1102 737 365
Davidson 581 851 -270
New York 622 655 -33
New Haven 866 710 156
Franklin 733 746 -13

Counties marked with a * indicate a consolidated city-county.
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Despite the lack of a significant difference between Honor Roll status and county 

mortality rates, however, not enough research has been conducted to reach any conclusive

implications regarding the effect the presence of an Honor Roll hospital has on the 

surrounding community. Truly understanding such implications requires analyses of 

several variables that are indicative of a county's well-being. Stronger conclusions would 

have been reached through this research if time had permitted for an examination of 

baseline variables other than mortality rate. Ideas for possible variables may include 

disease prevalence and incidence, mortality rates due to illness alone (e.g. removing 

homicide and other violent crime rates), ailment recovery rates, and rates of deaths in 

county hospitals. Ideally, this research would have evaluated the effects of Honor Roll 

status on each of these variables, but constraints in both time and access to data have 

imposed limitations on this thesis that have prevented such measures from being carried 

out. Instead, the goal of this section of the thesis is to articulate possibilities for future 

research that may fortify the conclusions reached here as well as uncover new 

correlations regarding Honor Roll status.

One planned component of this thesis that was unable to be executed in time for 

submission involved the use of mock surveys to elucidate trends in the Honor Roll list of 

hospitals. We planned to administer a survey that appeared identical to the healthcare 

practitioner survey in Figure 1 to the students in several biology-related classes held in 

the Harriet L. Wilkes Honors College of Florida Atlantic University. The courses whose 

students we would have surveyed include Biodiversity (a second semester freshman 

biology course), Cell Biology (a second semester biology course primarily composed of 
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sophomores), Human Morphology and Function II (a second semester human anatomy 

course consisting primarily of juniors), and Human Neuroanatomy (an elective course 

with a mixed distribution of students). Each student would have been instructed to list 

which hospitals they thought delivered the best overall healthcare in the United States. It 

was decided that the sample would consist of students in biology classes because the 

majority of these individuals are pre-medical students who would likely have a basic 

knowledge of the most reputable hospitals. The conclusion drawn from the survey, of 

course, would differ depending on the results obtained: for instance, if the results of the 

mock surveys administered to students demonstrated a significant amount of parallels 

with the Honor Roll list, they may indicate that the knowledge of the physician 

population is not being fully utilized in the construction of this listing, as a sample of 

people without such knowledge produces identical or similar results. If such were the 

case, we would suggest the use of an alternative, more exhaustive survey that would 

make better use of healthcare practitioner knowledge. If the results of the mock surveys 

administered to students differed significantly from the Honor Roll list, then they would 

indicate the possibility of the U.S. News and World Report's sufficient utilization of 

physician knowledge, along with the possibility that physicians are more knowledgeable 

about nationwide hospital performance than the general public. However, the 

administration of such a survey to human subjects required either an approval by the 

institutional review board (IRB), or an exemption of approval. Unfortunately, both 

options required a rather long allotment of time for a decision for either outcome to be 

reached. Due to the aforementioned time constraints under which this thesis was 
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developed, it was not feasible to submit a request for a decision by the IRB and rush the 

administration of the survey and the analysis of the following results once approval or 

exemption status had been reached.

One other aspect of this research that may be improved upon is the metric by 

which composite counties were constructed. The controlling variables used to create the 

composite counties for this thesis were median household income and population. Due to 

the aforementioned constraints in time and data accessibility, the scope of variables 

examined was limited, with none of them producing a correlation with mortality rate 

greater than r = .6266. With more access to data and time, a greater amount of variables 

with stronger correlations would be utilized to create composite counties to compare to 

the appropriate Honor Roll counties.
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Conclusion

It is evident that a county's Honor Roll status does not correlate with any 

significant change in mortality rates. While the results presented by this thesis do not 

completely invalidate the U.S. News and World Report's Honor Roll list of hospitals, they

assist in setting the foundation for similar future research that may, in tandem with this 

thesis, produce a more definitive conclusion regarding the Honor Roll list.

It may not be possible to create a clear and accurate list ordered by the quality of 

healthcare provided. This may be due to a multitude of reasons, one of which being the 

difficulty in quantifying a variable such as quality of care. Thus, prospective patients 

researching medical facilities to visit or live near should more thoroughly investigate 

each facility instead of relying solely on a simplified list. Even on specialty-specific 

listings, visiting a hospital that is not ranked highly may provide advantages over a more 

highly ranked hospital. The internet and the wealth of information that it provides has 

given us more control of our health than ever before – however, it is our responsibility to 

use it wisely.
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Appendix A

(“American FactFinder,” 2015)

(“Compressed Mortality File 1999-2014 Series 20,” 2015)

Baltimore, MD Population Income Mortality Rate
Montgomery County, OH 535,153 $40,885 1056
Polk County, FL 602,095 $41,184 971
Jefferson County, AL 658,466 $41,740 1038
Jefferson County, KY 741,096 $42,535 955
Oklahoma County, OK 718,633 $42,758 920
Composite Mortality Rate 988

Olmsted, MN Population Income Mortality Rate
Merrimack County, NH 146,445 $60,932 810
Paulding County, GA 142,324 $61,496 451
Washington County, WI 131,887 $61,955 757
Napa County, CA 136,484 $62,893 843
Medina County, OH 172,332 $63,582 750
Boone County, KY 118,811 $64,005 585
Columbia County, GA 124,053 $64,435 605
Hendricks County, IN 145,448 $66,080 619
Wright County, MN 124,700 $66,714 541
Washington County, RI 126,979 $67,195 837
Composite Mortality Rate 680

Suffolk, MA Population Income Mortality Rate
Providence County, RI 626,667 $45,572 891
Duval County, FL 864,263 $46,112 824
Hamilton County, OH 802,374 $46,359 818
DeKalb County, GA 691,893 $47,068 595
Bernalillo County, NM 662,564 $47,405 742
Kent County, MI 602,622 $47,897 695
Multnomah County, OR 735,334 $48,018 712
Macomb County, MI 840,978 $49,348 914
Monroe County, NY 744,344 $49,564 839
San Joaquin County, CA 685,306 $49,742 685
El Paso County, CO 622,263 $51,553 571
Essex County, NJ 783,969 $52,288 762
Hudson County, NJ 634,266 $53,547 592
Composite Mortality Rate 742
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Westchester, NY Population Income Mortality Rate
Contra Costa County, CA 1,049,025 $73,678 659
Fairfield County, CT 916,829 $74,634 703
Montgomery County, PA 799,874 $75,369 875
Middlesex County, NJ 809,858 $75,890 685
Bergen County, NJ 905,116 $77,059 759
Collin County, TX 782,341 $77,862 395
Composite Mortality Rate 680
 
San Francisco, CA Population Income Mortality Rate
Honolulu County, HI 953,207 $67,519 718
Denton County, TX 662,614 $68,671 406
Prince George's County, MD 863,420 $69,524 630
Will County, IL 677,560 $71,344 557
Ventura County, CA 823,318 $71,418 559
DuPage County, IL 916,924 $72,470 617
Lake County, IL 703,462 $74,594 575
Fairfield County, CT 916,829 $74,634 703
Montgomery County, PA 799,874 $75,369 875
Middlesex County, NJ 809,858 $75,890 685
Bergen County, NJ 905,116 $77,059 759
Collin County, TX 782,341 $77,862 395
Composite Mortality Rate 623

Philadelphia, PA Population Income Mortality Rate
Bronx County, NY 1,385,108 $32,674 645
Wayne County, MI 1,820,584 $39,421 986
Composite Mortality Rate 816

St. Louis, MO Population Income Mortality Rate
Orleans Parish, LA 343829 $36525 815
Clayton County, GA 259424 $36595 533
Composite Mortality Rate 674

Franklin, OH Population Income Mortality Rate
Milwaukee County, WI 947,735 $40,582 862
Pima County, AZ 980,263 $44,293 840
St. Louis County, MI 998,954 $55,290 930
Travis County, TX 1,024,266 $51,905 450
Salt Lake County, UT 1,029,655 $56,664 548
Orange County, FL 1,145,956 $45,105 593
Hillsborough County, FL 1,229,226 $46,043 738
Palm Beach County, FL 1,320,134 $49,891 1005
Composite Mortality Rate 746

28



Durham, NC Population Income Mortality Rate
Lorain County, OH 301,356 $50,092 927
Lancaster County, NE 285,407 $50,197 647
Brown County, WI 248,007 $51,330 650
York County, SC 226,073 $51,403 757
Atlantic County, NJ 274,549 $51,457 909
Cleveland County, OK 255,755 $51,468 676
Lexington County, SC 262,391 $51,523 841
Dauphin County, PA 268,100 $51,670 875
Madison County, IL 269,282 $51,706 978
Rutherford County, TN 262,604 $51,815 591
Weld County, CO 252,825 $52,334 547
Composite Mortality Rate 764

Allegheny, PA Population Income Mortality Rate
Pima County, AZ 980,263 $44,293 840
Orange County, FL 1,145,956 $45,105 573
Hillsborough County, FL 1,229,226 $46,043 738
Palm Beach County, FL 1,320,134 $49,891 1005
Travis County, TX 1,024,266 $51,905 450
Sacramento County, CA 1,418,788 $52,655 710
St. Louis County, MI 998,954 $55,290 1035
Salt Lake County, UT 1,029,655 $56,664 548
Composite Mortality Rate 737

Davidson, TN Population Income Mortality Rate
Tulsa County, OK 603,403 $44,231 885
Lee County, FL 618,754 $44,377 976
Jackson County, MI 674,158 $44,620 876
Denver County, CO 600,158 $45,415 723
Providence County, RI 626,667 $45,572 891
Summit County, OH 541,781 $45,768 985
Brevard County, FL 543,376 $46,331 1118
DeKalb County, GA 691,893 $47,068 595
Bernalillo County, NM 662,564 $47,405 742
Stanislaus County, CA 514,453 $47,442 714
Composite Mortality Rate 851
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New York, NY Population Income Mortality Rate
Tarrant County, TX 1,809,034 $52,482 609
Sacramento County, CA 1,418,788 $52,655 710
Alameda County, CA 1,510,271 $66,937 590
Middlesex County, MA 1,503,085 $75,364 711
Composite Mortality Rate 655

New Haven, CT Population Income Mortality Rate
St. Louis County, MO 998,954 $55,290 930
Pierce County, WA 795,225 $56,446 715
Salt Lake County, UT 1,029,655 $56,664 548
Gwinnett County, GA 805,321 $57,848 401
Hartford County, CT 894,014 $60,028 847
Worcester County, MA 798,552 $61,079 805
Wake County, NC 900,993 $61,594 476
Essex County, MA 743,159 $61,604 819
Baltimore County, MD 805,029 $62,300 931
Snohomish County, WA 713,335 $63,391 627
Composite Mortality Rate 710
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